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facing with the swelling flow of through traffic zooming past their
doors .

Weekend traffic bans and traffic jams are a curse to road transport #74765580

Some people also want to recoup the cost of traffic jams from those #76764676

who get stuck in them , according to the ' polluter pays ' principle .

| think this is an excellent principle and | would like to see it applied #76764713
in full , but not to traffic jams .

Traffic jams are indicative of failed covernment policy on the
infrastructure front , which is why the government itself , certainly
in the Netherlands , must be regarded as the polluter .

This would increase traffic jams , weaken road safety and increase
costs .

In the previous legislature , Parliament gave its opinion on the
Commission ' s proposals on the simplification of vertical directives on
sugar , honey , fruit juices , milk and jams .

For jams , | personally reintroduced an amendment that was not
accepted by the Committee on the Environment , Public Health and
Consumer Policy , but which | hold to .

It concerns not accepting the general use of a chemical flavouring in #79281966
jams and marmalades , that is vanillin .

This is highlighted particularly in towns where it is necessary to find #80085988
ways of solving environmental problems and the difficulties caused by

traffic jams .

#76764747

#78586130

#79281114

#79281936
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que pasa por delante_de sus casas , que aumenta a_diario .

Las prohibiciones de conducir los fines de semana vy los embotellamientos asolan el
transporte por carretera .

Algunos son partidarios de que incluso los costes ocasionados por los atascos se
carguen a el ciudadano que se encuentra atrapado en ellos , de conformidad con el
principio de que " quien contamina paga " .

Me parece un principio acertado y estoy dispuesta a aplicarlo integramente , pero
no sobre los atascos |, ya_que éstos son un claro indicio de el fracaso de la politica
gubernamental en_materia_de infraestructuras .

Por eso es preciso subrayar que en estos casos quien contamina es el propio
Gobierno , a el menos en los Paises_Bajos .

Esto aumentaria los atascos , mermaria la seguridad vial e incrementaria los costes

En efecto , durante la precedente legislatura , el Parlamento se manifestd sobre las
propuestas de la Comision relativas a la simplificacion de directivas verticales sobre
el azucar , la miel , los zumos de frutas | la leche y las confituras .

Para las confituras , yo personalmente volvi a introducir una enmienda que no fue
aceptada por la Comisidn_de_Medio_Ambiente , Salud_Publica y
Politica_de_el_Consumidor , pero que es importante para mi .

Se trata de no aceptar la utilizacion generalizada de un aroma quimico en las
confituras y " marmalades " , a saber , la vainillina .

Esto se pone_de_relieve ain mas en las ciudades , en las que hay que encontrar
medios para eliminar los inconvenientes derivados de los problemas
medinambientales y de la congestion de el trafico .
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1 2 3 4 5 6
And the | | programme as | | been | | implemented
Le | | programme || a || été mis application
1 2 3 4 5 6 7
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e Lorgw —————Lpteln

den Vorschlag the proposal 0.6227
den Vorschlag ‘s proposal 0.1068
den Vorschlag a proposal 0.0341
den Vorschlag the idea 0.0250
den Vorschlag this proposal 0.0227
den Vorschlag proposal 0.0205
den Vorschlag of the proposal 0.0159

den Vorschlag the proposals 0.0159
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Maria. no dio una bofetada a la bruja verde

Build translation left to right Maria Mary
no did not
Select a phrase to translate .
dio unabofetada slap
ala the
bruja witch

verde green
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Maria  no dio una bofetada a la bruja verde

Mary
Build translation left to right Maria Mary
no did not
Select a phrase to translate .
. _ dio unabofetada slap
Find the translation for the phrase ala the
bruja witch

verde green
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Maria  no dio una bofetada a la bruja verde

Mary
Build translation left to right Maria Mary
no did not
Select a phrase to translate .

_ _ dio unabofetada slap
Find the translation for the phrase ala the
Add the phrase to the end of bruja witch

the partial translation verde green
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no dio una bofetada a la bruja verde

Build translation left to right Maria Mary
Select a phrase to translate no did not
_ _ dio unabofetada slap
Find the translation for the phrase _— —
Add the phrase to the end of bruja witch
the partial translation verde green

Mark words as translated
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no dio una bofetada a Ila bruja verde

did not
Maria Mary
. no did not
One to many translation diounabofetada  slap
ala the
bruja witch
verde green
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dio wuna bofetada a la bruja verde

/

slap
Maria Mary
no did not
Many to ondranslation diounabofetada  slap
ala the
bruja witch

verde green
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Decoding Process
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a la bruja verde

Many to ondranslation
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Maria Mary
no did not
dio unabofetada slap
ala the
bruja witch
verde green
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bruja verde

green
Maria Mary
. no did not
Reordering dio unabofetada slap
ala the
bruja witch

verde green
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bruja
witch
Maria Mary
. o no did not
Translation finished! diounabofetada  slap
ala the
bruja witch

verde green
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Search Space for Phrase-based SMT woadapicerie.

Yuehan | xihuan Mali o EEE
John loves Mary loves Mary
1] is fond of

h
o
<S> H W

Mary
likes

I
John

I
Johny

Mary
15




Search Space for Phrase-based SMT woadapicerie.

e likes
Yuehan | xihuan Mal Bl ] ]
Mar
John loves Mary loves Y
- is fond of
ohn
o, mm
(TT1 a Mary
=
kes __
- John
The search is directed by a weighted Il T
combination of various features: Johny
A Translation probability (I

A Language model probability

R X X Mary
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Background: Machine Translation and Neural Netwarke:.

U Statistical Machine Translation (SMT)
U Deep Learning (DL) and Neural Network (NN)
0 (slides taken from KevinD u h fresentation)

U The Gap between DL andT
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Human Neurons - Very Loose Inspiration  wwaspceneie
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Perceptrons - Linear Classifiers
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* |nputs are feature values

» Each feature has a weight

= Sum Is the activation

activationy(z) =) w; - fi(z) = w- f(x)

= |[f the activation is:
= Positive, output +1
= Negative, output -1

>




Logistic Regression (1-layer net) i acptcente e

Function model’'Qw , 0
o Parameters: vector N Y
0 ,, Is a nonlinearity, e.g. sigmoid:
o, pIp Qwna

Zan

o Nonlinearity will be important in expressiveness
o multi-layer nets. Other nelmearities e.g.,
O0OWEAQ Q Q TQ 0

20 Extracted from KevibuhQslides in DLAMT Winter School m
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fF(x) =X wi - hy) = o (2w - o (X wiixi))

Hidden units hj’s can be viewed as new " features’ from
combining x;'s

Called Multilayer Perceptron (MLP), but more like multilayer logistic regression

21 Extracted from KevibuhQglides in DLAMT Winter School




Expressive Power of Non-linearity —

A A deeper architecture is more expressive than a shallow one
given same number of nodes [Bishop, 1995]
o 1l-layer nets only model linear hyperplanes
o 2-layer nets can model any continuous function (giveagent nodes)
o >3-layer nets can do so with fewer nodes

27 Extracted from KevibuhQglides in DLAMT Winter School




What is Deep Learning? I —

A family of methods that uses deep architectures to learnl&ngh
feature representations

STANDARD PROCESS
IN MACHINE LEARNING DEEP LEARNING
decisions decisions

TRAINABLE
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Automatically Trained Features in FR i adaptcente.

Automatically trained features make sense! [Lee et al., 2009]
Input: Images (raw pixels)
Y Output: Features of Edges,

Smm S AN
e EAIE TR e
yaaurn

e TN ALYV
IS ALNNS=N 2B EET
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Current models are becoming more complex
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pooling

25 Extracted from KevibuhQglides in DLAMT Winter School
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Background: Machine Translation and Neural Netwarke:.

U Statistical Machine Translation (SMT)
U Deep Learning (DL) and Neural Network (NN)

U The Gap between DL andT
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The Gap between DL and MT woadapicerie.

Discrete symbols

Continuous vectors

27




